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Abstract

Virtual Reality (VR) technology is applied to several areas, such as recreation, business, and medicine.
Especially in the medical field, virtual reality applications are used for treating and rehabilitating patients.
Thus, there is a lot of development of a virtual environment application, and users can use the application via
supportive devices such as Oculus Quest and Oculus Rift. For this reason, the research has two objectives: 1)
to study and develop virtual reality applications using the Unity engine and 2) to find patterns of neutral and
anxious feelings from Electroencephalography (EEG). The VR application is installed on Oculus Quest 2 and
tested with a staff of Rangsit University during the health check. The EEG is applied to classify the differences
between neutral and anxious feelings. A method of feeling classification was designed according to the value
of Alpha, Beta, and Gamma. This data is used to find the pattern of neutral and anxious feelings during
venipuncture. Logistic regression is an algorithm to classify feelings that led to the development of a feeling

classification model. The model's accuracy was 80.00%, and F1-score was 88.89%.
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