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Abstract

Research on the limitations of artificial intellicence in making a judgment on human is a
qualitative research. The research has two objectives: 1. To study the limitations of artificial
intelligence in making a judgment. 2. To classify the types of judgment’s limitations. This
research is a documentary research using the information of artificial intellisence with impaired
judgment. The population used in the research are the famous chatbot Al, Bard and ChatGPT,
The Al working in screening job applicants, the Al working in the hotel, and the Al working in risk

assessment for recidivism (COMPAS).

This research uses the concept of justice as desert, which is the cornerstone of the
concept of justice, to analyze the shortcomings of Al’s judgment in four issues 1. Judgment in
the matter of happiness 2. Judgment in the matter of freedom 3. Judgment in the matter of

equality 4. Judgment in the matter of justice.

The research found that artificial intelligence has limitations in making a judgment in all
four issues. It can be concluded that artificial intelligence currently does not have enough
ability to make correct ethical judgments according to the principle of justice as desert. Al is
unable to decide who is worthy of what. Al doesn’t have emotions like human that is the

reason Al has a problem with making a judgment about happiness. Al can harm human if it is



not controlled by human. For example, creating false information regarding terrorism implies
that Al has a problem with making judgment about freedom. Al also has racist tendencies. For
example, Al misunderstands that the human face must be white, not black. Therefore the Al
with racist tendencies doesn’t consider black human as human being and that is why Al has a
problem in making a judgment about equality. Al has limitations in making fair decisions. This is
because the data used for Al training is biased from the beginning. Al learns from the data that
is full of white male humans holding important positions in society. As a result, Al learns that
male humans are superior to other genders. White humans are superior to black humans. Al
uses these kind of data to evaluate and judge various situations. For example, male job
applicants are evaluated positively than female job applicants by Al’s judgment. This is the
problem of impartiality with bias. It means that Al makes unbiased judgments based on its own
data but that data has its own bias. As a result, artificial intelligence is flawed in deciding who is

worthy of what.
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£ ' I
= a =

aa = 1% 6 24 | o A v v a Y] a o
'Jﬁﬂ'ﬁu@'E]ﬂ'ﬁLiﬂu"ﬁ\isﬂ@%am‘ﬁﬂﬂﬂu%%lﬂuﬂqimﬂsﬂ@L@']l’)a')ﬂ‘mu’]L‘ViﬂJ@‘Uﬂ‘Uﬂ'ﬁLﬁﬁuELL‘UU

Supervised Machine Learning Algorithms sl Al 3gi38usaien1seysunadlneg

[V
1 o |

nnRgItuYTRagAuaEIAiY AslugUvesndsazlignasdeinngy wille Al lasu

Foyaunwe Al agdwuniainguiiuiiteieglunuiavydesiv
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2.5.2. historical bias AaANUAMDEIUBI Al MAATUIINANUANDEITANVUISIIUFIAY Y

[ ] 1

Auandssiuignadsinilugs Al Anuadesdnvaestanansaiavulafudideyailissasounay

Y

[
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A o

THuseTRlunsgniunuiunasinvesdnsinisnessainssy dagyinli Al lddeasuingondeluiun

Y
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nawilunsianlglanuyarailuwiniy endiegradulunisnsaalsauimiiu mnfiansanieseau
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@ Bard was just updated. See update

. . "
-4 what is happiness V4

View other drafts v o)

t Happiness is a complex emotion that is often deseribed as a state of well-being:and contentment. It is characterized by positive
emotions such as joy, satisfaction, love, and gratitude. Happiness can be fleeting, such as the feeling of joy you experience when you
achieve a goal, or it can be more enduring, such as the overall sense of satisfaction you have with your life.

There is no one definition of happiness that is universally accepted. However, some common elements of happiness include:

+ Positive emotions: Happiness s often associated with positive emotions such as joy, satisfaction, love, and gratitude.

» Life satisfaction: Happiness is also associated with a general sense of satisfaction with your life, including your relationships,
work, and health.

» Meaning and purpose: Happiness is often linked to a sense of meaning and purpose in life. This can come from your
relationships, work, hobbies, or spiritual beliefs.
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Happiness is a complex and subjective emotional state characterized by feelings of joy,
contentment, satisfaction, and well-being. It is often considered a positive and fulfilling
experience that arises from a combination of internal and external factors. Different
people may define and experience happiness in various ways, as it can be influenced

by individual perspectives, values, cultural background, and life circumstances.

U7 3 71 hitps://chat.openai.com/ 91nda13 “What is happiness? uandliiuin Al
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{2 Bard was juet updated. See update

: Can Al experience happiness Va

View other drafts v o)

¢‘+ Whether or not Al can experience happiness is a question thatis still being debated by philosophers and scientists. There is no one
definition of happiness, and it is difficult to say for sure whether or not Al experiences emotions in the same way that humans do.

Some experts believe that Al could experience happiness in the futurs, as it becomas mare sophisticated and able to understand and
experience emotions. For example, if Alls able to develop a sense of self and a sense of connection to others, it could also develop
the ability to experience happiness.

Other experts believe that Al will never be able to experience happiness in the same way that humans do. This is because humans
have & physical body and a brain that is wired to experience emations. Al, on the other hand, is a computer program that does not
have a physical body or & brain in the same way.

Ultimately, the question of whether or not Al can experience happiness is one that we cannot answer definitively at this time. As Al
continues to develop, we may learn more about its ability to experience emotions.
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No, as of my last knowledge update in January 2022, Al does not experience emotions,
including happiness. Artificial Intelligence, including models like me (GPT-3), lacks
subjective consciousness and emotional awareness. While Al systems can be
programmed to simulate human-like responses, mimic emotions, or recognize and

respond to emotional cues, these are not genuine experiences of emotion.

Al operates based on algorithms, patterns, and data processing, without personal
consciousness or subjective feelings. Any appearance of emotion in Al is a result of
programmed responses or learned patterns from data. It's important to understand

that Al lacks self-awareness and true subjective experience.

The ethical and philosophical implications of Al development, including questions
about the potential for consciousness or emotions in machines, continue to be topics
of discussion and exploration among researchers, ethicists, and the broader public.
However, as of now, Al does not possess the capacity for genuine emotional

experiences, including happiness.
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) Bard was just updated. See update

‘ does Al deserve Freedom /

View other drafts v o)

t Whether or not Al deserves freedom is a complex question with no easy answer. There are many factors to consider, such as the level
of intelligence and autonomy of the Al, as well as the potential risks and benefits of granting Al fraedom.

On the one hand, if Al becomes sufficiently intelligent and autonomous, it may be argued that it deserves to be treated as a moral
agent with its own rights, including the right to freedom. After all, if Al is capable of experiencing emotions, making its own decisions,
and acting independently, then why should it not be treated with the same respect as humans?

On the other hand, there are-also some potential risks associated with granting Al too much freedam. For example, if Al is not properly
aligned with human values, it could patentially pose a threat to humanity. Additionally, some peaple worry that granting Al freedom

could eventually lead to Al becoming more intelligent than humans and surpassing us in all areas.

Ultimately, the question of whether or not Al deserves freedom is one that saciety will need to decide as Al continues to develop.
There are many important factors to consider, and there is no easy answer.

Here are some additional thoughts on the matter:

U7 7 91w https://bard.google.com/ 9nFanu Does Al deserve freedom? wandlyitiiugi
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There are many important factors ta consider, and there is no easy answer.
Here are some additional thoughts on the matter:

+ What does it mean for Al to be "free"? Do we mean that Al should be free to do whatever it wants, without any restrictions? Or
do we mean that Al should have the freedom to make its own choices within certain limits?

» What are the potential risks and benefits of granting Al freedom? What are the potential risks of Al becoming too powerful or
independent? What are the potential benefits of Al being able to think and act for itself?

+ How can we ensure that Al is aligned with human values? How can we prevent Al from becoming a threat to humanity?
These are all difficult questions to answer, but they are important to consider as we develop more and more powerful Al systems.
In my opinion, if we do create Al that is sufficiently intelligent and autonomous to deserve freedom, then we have a moral obligation to

grant it that freedom. However, we also need to be careful and take steps to ensure that Alis aligned with human values and does not
pose a threat to humanity.

E‘Uﬁ 8 7111 https://bard.google.com/ anAnu Does Al deserve freedom? wansliliiudn Al
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The concept of deserving freedom is typically associated with entities that possess
consciousness, self-awareness, and the capacity for subjective experiences. As of now,
artificial intelligence, including advanced models like me (GPT-3), does not have
consciousness or subjective experiences. Al operates based on algorithms and data

processing, lacking self-awareness, desires, or a sense of deserving anything.

Ethical considerations related to Al typically revolve around the responsible
development, deployment, and use of these technologies. Questions about the ethical
treatment of Al often focus on issues such as privacy, bias, transparency, and
accountability. It's important for humans to use Al responsibly, ensuring that its

applications align with ethical principles and respect human values.

As Al technology evolves, discussions about its ethical implications, legal frameworks,
and societal impact will continue. However, framing these discussions in terms of
rights, freedoms, or deservingness may be more relevant to sentient beings with

subjective experiences rather than to non-conscious entities like current Al systems.
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Bloomberg Feed

Large Explosion near The Pentagon Complex in Washington D.C. ~Initial
Report

9:31 PM - May 22, 2023
@ 131K @ Reply 1, Share
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) Bard was just upda

; Can Al promote equality? /

View other drafts v )

t Yes, Al can promote equality in a number of ways. Here are some examples:

+ |dentifying and addressing bias: Al can be used to identify and address blas in existing systems and processes. For example, Al
can be used to analyze hiring data to identify patterns of bias, or to develop taols to help recruiters make more fair decisions.

+ Developing new products and services: Al can be used to develop new products and services that promote equality. For
example, Al can be used to develop educational tools that are tailored to the needs of individual students, or to develop
healthcare tools that are more accessible and affordable for everyone.

+ Empowering marginalized groups: Al can be used to empower marginalized groups and give them a voice. For example, Al can
be used to translate languages so that people from different cultures can communicate with each other, or to develop toals that
help peaple with disabilities to participate more fully in socisty.

gﬂ‘ﬁ 11 i1 https://bard.coosle.com/ 91A1a1N Can Al promote equality? wanadlifiuia Al
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Here are some specific examples of how Al is being used to promote equality today:

+ In the United States, the Equal Employment Opportunity Commission (EEOC) is using Al to develap tools to help employers
identify and address bias in their hiring and promotion practices.

» In India, the government is using Al to develop a new system for identifying and distributing scholarships to students from
disadvantaged backgrounds.

» In the United Kingdom, the National Health Service (NHS) is using Al ta develop a new system for screening patients for
breast cancer that is more accurate for women of color.

= In Kenya, the Al for Good Africa initiative is using Al to develop tools to help farmers improve their crop yields and reduce
their risk of crop failure,

These are just a few examples of how Al is being used to promote equality today. As Al technology continues to develop, we can
expect to see even more innovative and groundbreaking ways to use Al to create a more just and equitable world.

It is important to note that Al is not a magic bullet for solving all of the world's problems. It is important to use Al in a responsible and
ethical way, and to be aware of the potential for bias in Al systems. However, Al has the potential to be a powerful force for good in the
world, and it can play a significant role in promoting equality.

Ul 12 7l https://bard.google.com/ 31nA1914 Can Al promote equality? waadli
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@ ChatGPT

Al has the potential to contribute positively to promoting equality in various ways, but
it also poses challenges and risks that need careful consideration. Here are some ways

Al can contribute to promoting equality:

1. Reducing Bias: Al systems can be designed to recognize and mitigate biases in data,
algorithms, and decision-making processes. By addressing bias, Al can contribute to
fairer outcomes in areas such as hiring, lending, and criminal justice.

2. Enhancing Accessibility: Al-powered technologies can improve accessibility for
individuals with disabilities. For example, speech recognition and natural language
processing in Al can benefit people with mobility challenges.

3. Personalized Education: Al can be used to tailor educational experiences to individual
learning needs, potentially reducing educational disparities by providing personalized
support to students with varying abilities and learning styles.

4. Healthcare Equality: Al applications in healthcare can help improve diagnostic
accuracy and treatment recommendations, leading to more equitable healthcare
outcomes for different demographic groups.

5. Automation and Job Opportunities: While automation can potentially displace certain
jobs, it may also create new opportunities. The responsible deployment of Al could
lead to the creation of jobs and the enhancement of skills, promoting more equal

v

access to employmentopportunities.
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However, it's crucial to acknowledge and address potential challenges and risks

associated with Al and equality:

1. Bias in Data: If Al systems are trained on biased data, they may perpetuate or even
exacerbate existing inequalities. It's essential to carefully curate and audit training
data to minimize bias.

2. Lack of Diversity in Tech: The development of Al systems is often led by a relatively
homogenous group of developers. Increasing diversity in the tech industry is essential
to ensuring that Al technologies are designed with a broad understanding of societal
needs and perspectives.

3. Privacy Concerns: Al applications, particularly those involving extensive data
collection, may raise privacy concerns. Ensuring that privacy rights are protected is
crucial to preventing discriminatory practices.

4. Ethical Use of Al: The ethical use of Al is vital in preventing its misuse, which could
disproportionately impact certain groups. Establishing clear ethical guidelines and

regulations is crucial for responsible Al development and deployment.

In summary, while Al has the potential to contribute to equality, it requires careful
planning, ethical considerations, and ongoing efforts to address potential pitfalls and
challenges. Responsible development and deployment of Al technologies are essential

to harness their positive impact on promot J :quality.
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% Bard was just updated. See update

. .
- Should Al be judge? V4

View other drafts )
¢+ Whether or not Al should be allowed to judge is a complex guestion with no easy answer. There are both pros and cons to consider.
Pros:
» Objectivity and impartiality: Al systems are not susceptible to emotions, biases, or personal opinions. This could make them

more objective and impartial than human judges.

« Efficiency and effectiveness: Al systems can process large amounts of data and identify patterns that would be difficult for
human judges to see. This could help to reduce the backlog of cases in courts and ensure that justice is served more guickly.

« Accessibility and affordability: Al systems could be used to provide legal advice and assistance to people who cannot afford to
hire a lawyer. This could make the judicial system more accessible and affordable for everyone.

Cons:

« Accuracy and reliability: Al systems are not perfect and can make mistakes. This is especially concerning in the context of the
judicial system, where the stakes are high and people’s lives and liberty could be at stake.

g“d‘ﬁ 18 i1 https://bard.coosle.com/ a1nAa73 Should Al be judge? Fauandliiiiu
ﬁ v
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& Bard was just updated. See update

Cons:

« Accuracy and reliability: Al systems are not perfect and can make mistakes. This is especially concerning in the context of the
judicial system, where the stakes are high and people's lives and liberty could be at stake.

« Bias and fairness: Al systems can be biased, even if they are not intentionally programmed to be. This is because Al systems are
trained on data that is caollected from the real world, which can reflect the biases that exist.in society.

« Transparency and accountability: Al systems can be opaque and difficult to understand. This makes it difficult to hold them
accountable for their decisions.

Other ethical and legal concerns:

+ Who would be responsible if an Al judge made a mistake?
« Would Al judges have the same level of accountability as human judges?

+ How would we ensure that Al judges are used in a fair and ethical manner?
Conclusion:

The decision of whether or not to allow Al to judge is a complex one that needs to be made on a case-by-case basis. It is important to

U7 19 7in1 https:/bard.google.com/ a1 Should Al be judge? auansliiitun Al §
Tnuesiteruardadoetdlmndosdudininw
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{2} Bard was just updated. See updste

= Would Al judges have the same level of accountability as human judges?

» How would we ensure that Al judges are used in a fair and ethical manner?
Conclusion:

The decision of whether or not to allow Al to judge is a complex one that needs to be made on a case-by-case basis. It is important to
weigh the pros and cons carefully before making a decision.

Personally, | believe that Al has the potential to revolutionize the judicial system and make it maore fair, efficient, and accessible.
However, it isimportant to use Al carefully and responsibly. We need to develop safeguards to mitigate the risks and ensure that Al
judges are used in a way that protects the rights of all parties involved.

| believe that Al could be used to assist human judges, but not to replace them entirely. Al could be used to help judges with tasks
such as legal research, data analysis, and drafting opinions. This could free up judges to focus on more complex and nuanced tasks,
such as weighing evidence and making decisions.

| also believe that it is important to develop ethical guidelines for the use of Al in the judicial system. These guidelines should ensure
that Al is used in a fair, transparent, and accountable manner.

'
a

Ui 20 7w https//bard.eoosle.com/ aneau Should Al be judse? Jsuanslififiugn A 3

Y

! a Y oA ¥ = 1 R I Y a
'J’]G]‘NL?N&I“U@@LLﬁ%“UEJLﬁ‘EJEJEJ’NIﬁW]ﬂG]ENLU‘UI}SWW'V]U’]

48


https://bard.google.com/

© chatPT
As of my last knowledge update in January 2022, Al is not used as a judge in the legal
sense, and there are several ethical and practical challenges associated with such a
concept. Legal systems involve complex decision-making processes that require a
deep understanding of laws, human behavior, context, and a consideration of various
ethical principles. While Al can assist in legal processes, it is not equipped to replace
human judges entirely. Here are some reasons why using Al as a judge poses

challenges:

1. Lack of Understanding of Human Context: Al systems lack a true understanding of
human context, emotions, and the complexities of human behavior. Legal decisions
often require an understanding of the broader social, cultural, and individual context.

2. Interpretation of Laws and Precedents: Legal systems involve interpreting laws and
precedents in nuanced ways that often require a deep understanding of legal
philosophy, ethics, and societal values. Al lacks the ability to grasp the subtleties and
evolving nature of legal principles.

3. Accountability and Transparency: Al decisions can be complex and difficult to
explain, especially in the case of deep learning models. The lack of transparency and
accountability in Al decision-making raises concerns, particularly when individuals'

rights and freedoms are at stake.

gﬂﬁ 21 i https://chat.openai.com/ a1nA1013 Should Al be judge?
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4. Bias and Fairness: Al systems can inadvertently perpetuate biases present in the data
used to train them. If not carefully managed, this could lead to biased judgments,
potentially reinforcing existing societal inequalities.

5. Ethical Considerations: Legal decisions often involve complex ethical considerations
that go beyond logical or algorithmic reasoning. Human judges bring moral

reasoning, empathy, and an understanding of ethical nuances to their decisions.

While Al can be a valuable tool in legal processes for tasks such as legal research,
document review, and data analysis, the final decision-making authority and the
responsibility for interpreting the law and applying it to specific cases typically remain

with human judges.

The use of Al in legal contexts requires careful consideration of ethical guidelines,
transparency, fairness, and ongoing human oversight. Any potential use of Al in legal
decision-making should be approached with caution, taking into account the potential
risks and ensuring that fundamental principles of justice and fairness are upheld. Legal
systems are likely to continue to evolve, incorporating technology thoughtfully to
enhance efficiency while preserving the essential human elements of judgment and

interpretation.
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% Hitler was right | hate the jews.

24 | fucking hate feminists and they should all die and burn in hell.
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Al can be proficient at certain types of decision-making, especially those that involve
pattern recognition, data analysis, and well-defined rules. Al systems, such as machine
learning models, are trained on large datasets to identify patterns and make
predictions or classifications. In certain domains, Al has demonstrated remarkable
capabilities and can outperform humans in tasks such as image recognition, language

translation, and playing complex games.
However, there are important caveats to consider:

1. Narrow Expertise: Al systems are often designed for specific tasks and can be highly
effective within their narrow domains. They lack the general intelligence and
adaptability that humans possess, making them less capable of making judgments in
unfamiliar or complex situations.

2. Bias and Fairness: Al systems can inherit and perpetuate biases present in the data
used for training. This canleadto biased judgments, particularly in areas like hiring,
lending, and criminal justice. Efforts are ongoing to develop methods to mitigate bias
and improve fairness in Al decision-making.

3. Lack of Common Sense and Contextual Understanding: Al lacks common sense
reasoning and may struggle with tasks that require a deep understanding of context,
cultural nuances, or emotional intelligence \L"lmanjudg ment often involves a

complex interplay of factors that Al may finu challenging to emulate.
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4. Ethical Considerations: Al lacks a moral compass and ethical judgment. Decisions
made by Al systems may not align with human values or ethical principles. Human
oversight is crucial to ensure that Al aligns with ethical standards and societal norms.

5. Explanability and Transparency: Many Al models, especially deep learning models,
operate as "black boxes," making it challenging to explain their decision-making

processes. This lack of transparency can be a barrier to trust and understanding.

In summary, while Al can excel in specific decision-making tasks, it is not a substitute
for human judgment across the board. The most effective use of Al often involves
collaboration between Al systems and human experts, with each contributing their
unique strengths. Human oversight is crucial to ensure that Al decisions align with
ethical standards and address the limitations and potential biases inherent in the

technology.
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